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Started in 2020, within COLING (Barcelona) as two tasks:
• a binary classification task
• a relation extraction task

In 2021 and 2022 (LREC), the focus shifted to a relation detection task. The aim is to 
identify, in a causal sentence or text block, the causal elements and the 
consequential ones.
In 2023 (IEEE Big Data), the task was introduced in Spanish for the first time but 
remained an extraction task.
In 2025 (COLING), we changed the task to a generative AI task, where questions 
about causes or effects are posed, and the system responses are evaluated using 
exact matching (EM) and semantic answer similarity (SAS) metrics.

FinCausal series: evolution of the 
Causal relation task

What are the FinCausal series?

FinCausal 2025 as a Generative QA
Dataset Structure

⚬ Context: Original paragraph from annual reports.
⚬ Question: Always abstractive, reflecting the content of the cause or effect.
⚬ Answer: Extractive, extracted verbatim from the provided context.

Results
English Spanish

Systems tipology Error analysis

Types of Errors
⚬ Confusion with Purpose: Cause-effect relationships are often mistakenly 

identified as purpose-based relationships.
⚬ Irrelevant Information: Answers may include unnecessary contextual 

information, distracting from the core causal relationship. Low EM score.
⚬ Minimal Overlap: Low overlap between the generated response and the 

expected answer. Low SAS score. Indicates potential issues in:
• Identifying key causal elements.
• Understanding the question's context.

Conclusions Future directions
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• Fine-tuned LLMs and generative approaches demonstrate significant value for 
extractive question answering in financial contexts.

• Performance on Spanish financial texts highlights the importance of language-
specific nuances and the need for tailored datasets and approaches in multilingual 
settings.

• Hybrid Methodologies: Explore combining the precision of fine-tuned models with the 
adaptability of generative models.

• Complex Causality:  Address nested causal structures and handling of multiple potential 
causes. Develop clear annotation guidelines for complex scenarios.

• Dataset Refinement: Standardize formatting (spacing, hyphenation, punctuation). Remove 
unnecessary text elements.

• Multilingual Expansion: Extend FinCausal to include diverse languages, such as Chinese, 
Arabic, Hindi, Japanese, German, and French.
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